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Transmit Antenna Intelligent Selection Algorithm
Based on Improved ResNet

LI Yufang,CHEN Zhe, XU Lingwei

(School of Information Science &. Technology, Qingdao University of Science &. Technology,Qingdao 266061 ,China)

Abstract In order to meet the needs of data transmission for mobile users, massive multi-input multi-out-
put system has been widely used in 5th generation mobile communication technology systems.In this pa-
per,a mobile multi-antenna cooperative communication system is established based on the N-Nakagami fa-
ding channel. To improve the transmit antenna selection accuracy,a transmit antenna intelligent selection
algorithm based on improved ResNet is proposed, which can obtain the greater channel capacity. The im-
proved ResNet network employs the residual structures as the main part and the VGG neural network to
replace the original convolutional layers.Firstly, the VGG neural network is added to extract the informa-
tion feature of channel state data, which greatly reduces the shallow computing parameters.Secondly, dis-
carding pooling mechanism is to protect information characteristics. Thirdly, three residual module struc-
tures are reconstructed to enhance the extraction of information features,improve the accuracy of the selec-
tion,and obtain antennas with better channel capacity.Compared with the traditional antenna selection al-
gorithms, the accuracy of the proposed intelligent transmit antenna selection algorithm is increased to

94.0% ,which has better system capacity performance and can reduce equipment cost in an effective manner.
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