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Abstract Due to complex and variable environments, the {ifth generation(5G) mobile communication faces
serious challenges.In order to realize the enhancement of 5G mobile communication quality,it is important
to analyze and predict the average symbol error probability(ASEP) performance of mobile communication
system. Thereflore, this paper studies the ASEP analysis and prediction methods.Firstly,the exact close ex-
pressions are derived,and ASEP performance is analyzed.Then,an generalized regression(GR) neural net-
work-based ASEP performance prediction algorithm is proposed. Compared with the radial basis function
(RBF) neural network, extreme learning machine(ELLM) ,and wavelet neural network(WNN) methods, the
Monte-Carlo results verify that our proposed method can obtain a better prediction effect,and the predic-
tion accuracy increases 24.3%.
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¢ Simulation results
— Theoretical results
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